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https://jp.mathworks.com/videos/signal-processing-for-machine-learning-119299.html
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Predictive Maintenance Toolbox R2018a
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Preprocess Data URL

Clean and transform data to prepare it for extracting c

In algorithm des
perform data pn
types of data pr
Functions
> Basicl
>  Filterir
> Time-L
> Freque
> Time-k

Ildentify Condition Indicators URL

Explore data to identify features that can indicate system

A condition indicator is a feature of system data whose beg
any feature that is useful for distinguishing normal from f:
different status apart.

You can derive condition indicators from signal analysis, b
dynamic models to your data, and examining model paran
Monitoring, Fault Detection, and Prediction.

Functions

>  Signal-Based Features

> Model-Based Features and Residuals

>  Feature Selection
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https://jp.mathworks.com/help/predmaint/
https://jp.mathworks.com/help/predmaint/preprocess-data.html
https://jp.mathworks.com/help/predmaint/identify-condition-indicators.html

Predictive Maintenance Toolbox R2018a
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[1] Caesarendra, Wahyu, et al. "An application of nonlinear feature extraction-A case study for low speed slewing bearing condition
monitoring and prognosis." Advanced Intelligent Mechatronics (AIM), 2013 [EEE/ASME International Conference on. [EEE, 2013.

[2] Loughlin, P., F. Cakrak, and L. Cohen. "Conditional moments analysis of transients with application to helicopter fault data."
Mechanical Systems and Signal Processing 14.4 (2000): 511-522. 14



https://jp.mathworks.com/help/predmaint/ref/lyapunovexponent.html
https://jp.mathworks.com/help/predmaint/ref/approximateentropy.html
https://jp.mathworks.com/help/predmaint/ref/correlationdimension.html
https://jp.mathworks.com/help/predmaint/ref/tfsmoment.html
https://jp.mathworks.com/help/predmaint/ref/tftmoment.html
https://jp.mathworks.com/help/predmaint/ref/tfmoment.html
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Predictive Maintenance using MATLAB: Pattern Matching for Time Series Data
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AUTOMOTIVE CONFERENCE 2018
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http://www.matlabexpo.com/de/2018/proceedings/predictive-maintenance-with-matlab--time-series-production-data-analysis.pdf
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