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segmentation from LIiDAR point cloud data. IEEE Journal of Selected Topics in Applied Earth Observations
and Remote Sensing, 15, 555-564.

- Itakura, K., & Hosoi, F. (2018). Automatic individual tree detection and canopy segmentation from three-
dimensional point cloud images obtained from ground-based lidar. Journal of Agricultural Meteorology, 74(3),
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« |TAKURA, K., & HOSOI, F. (2021). Three-dimensional tree monitoring in urban cities using automatic tree
detection method with mobile LIDAR data. Artificial Intelligence and Data Science, 2(2), 1-10.

« Itakura, K., & Hosoi, F. (2020). Automatic method for segmenting leaves by combining 2D and 3D image-
processing techniques. Applied Optics, 59(2), 545-551.
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O REDHEAAALARIE: PythonDOpen3dhhER/TY
% lasFileReader® 7Y = 2 P &/ERK L £ ¢

lasReader = lasFileReader(inputFile);
% REET — R EiirAHFET
ptCloud = readPointCloud(lasReader);

% BT —2EZOHRELFET
figure;pcshow(ptCloud);

import open3d as o3d

import laspy

# DEEDFIAIAH

las = laspy.read(inputFile)

# points [CxyzBEfZ DIEZ &N T 5

points = np.array([las.x, las.y, las.z]).T

#open3d CREIFD YV H X M) BEKT 5
pointCloud = 03d.geometry.PointCloud()

#0727 —BHOEINERHET D

colors = np.vstack((las.red, las.green, las.blue)).T
#ARA > NEYED T —BHICEINZEAT S
pointCloud.points = 03d.utility.Vector3dVector(points)
HODLICBBEHRERT - 2TT D
pointCloud.colors = 03d.utility.Vector3dVector(colors/(2 ** 16 - 1))
# Open3dIC & A AJTRAL

MATLAB o3d.visualization.draw_geometries([pointCloud]) Pvthon
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MATLAB&EPython® LEES: 3 m D #& H

S H: PythonM 15 & [E0pen3dZFBHALTWVET

import open3d as o3d

pcd2 = o3d.io.read_point_cloud(inputFile)

plane_model, inliers =
pcd2.segment_plane(distance_threshold=0.01,

ransac_n=3,

num_iterations=1000)

inlier_cloud = pcd2.select_by_index(inliers)
inlier_cloud.paint_uniform_color([1.0, O, 0])

outlier_cloud = pcd2.select_by_index(inliers, invert=True)
o3d.visualization.draw_geometries([inlier_cloud, outlier_cloud])

~ 0

O *Fm

ptCloud = pcread(inputFile);
[mdl,inlier,outlier] = pcfitplane(ptCloud,0.01);
pcinlier = ptCloud.select(inlier);
pcshow(ptCloud); hold on;

plot(mdl)

MATLAB Python
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